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Abstract This paper considers a partial differential equation (PDE) approach
to evaluate coherent risk measures for derivative instruments when the dynam-
ics of the risky underlying asset are governed by a Markov-modulated geometric
Brownian motion (GBM); that is, the appreciation rate and the volatility of the
underlying risky asset switch over time according to the state of a continuous-
time hidden Markov chain model which describes the state of an economy. The
PDE approach provides market practitioners with a flexible and effective way
to evaluate risk measures in the Markov-modulated Black–Scholes model. We
shall derive the PDEs satisfied by the risk measures for European-style options,
barrier options and American-style options.
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1 Introduction

Risk measurement and management are important areas in both the finance and
insurance industries. Due to the proliferation of various modern financial and
insurance products, there is a practical need to develop some appropriate meth-
ods and techniques to measure and manage the risk of these products. Some
recent financial crises, such as the Asian financial crisis, the collapse of long-term
capital management (LTCM), the turmoil at Barings and Orange Country, may
be attributed to the inappropriate practice of risk measurement, especially the
management of derivative instruments. This arouses the awareness of regulators
of appropriate methods for risk measurement and the need for controling the
riskiness of a trading portfolio. International regulatory bodies, such as Bank of
International Settlement (BIS) and Basel Committee for Banking Supervision,
have produced some reports with detailed guidelines on quantitative methods,
techniques and practice for risk measurement and management. Regulators
recommend the use of Value at Risk, VaR, for capital requirements while risk
managers adopt VaR for allocating capital and imposing risk limits to different
trading desks. Basically, VaR can be considered a statistical estimation of a
portfolio’s possible loss in such a way that the owner of the portfolio should be
prepared to incur at least that loss with a given (small) probability level over
a given (short) time horizon. See Morgan’s (1996) Riskmetrics—technical doc-
ument and Embrechts (2000) for an introduction, and Duffie and Pan (1997)
for a survey. Duffie and Pan (1997) noted that VaR is not easy to implement
if the portfolio contains derivatives. Since it is very difficult, if not impossible,
to obtain a closed-form expression of VaR for complicated portfolios, market
practitioners often resort to Monte Carlo simulation to approximate VaR for a
portfolio of derivatives.

Although VaR is a popular tool for risk measurement in practice, it has been
pointed out in some recent research studies that VaR does not satisfy some
desirable theoretical properties. Artzner et al. (1999) developed an axiomatic
approach to the construction of risk measures. They presented and justified a
set of four desirable properties for risk measures. They introduced the class
of coherent risk measures, which satisfy these four properties and obtained
a representation for coherent risk measures. Subadditivity is one of the four
desirable properties. Intuitively, it states that the merger of two risky positions
should always reduce risk. Artzner et al. (1999) pointed out that VaR does
not, in general, satisfy the subadditivity property, especially when the portfolio
contains derivative instruments. This makes the search for an appropriate risk
measure for derivative instruments of theoretical interest as well.

Measuring risks of portfolios containing derivative instruments is a challeng-
ing task. Much of the literature focuses on investigating VaR for portfolios
of derivative instruments (see J.P. Morgan’s Riskmetrics–technical document,
Duffie and Pan (1997) and Jahel et al. (1999), etc). There are two common
analytical approaches to the calculation of VaR for derivative portfolios, namely
the delta-gamma approximation and the method of matching portfolios’ mo-
ments. In the former method, the portfolio can be decomposed in terms of the
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portfolio’s delta and gamma which are then used to approximate the portfolio’s
return in the calculation of the portfolio’s distribution. In the latter method, one
needs to calculate the portfolio’s moments and find a distribution that matches
the portfolio’s distribution as closely as possible. Both approaches are difficult
to implement when the portfolio contains complex derivatives or a significant
number of derivatives.

Recently, there has been considerable interest in the applications of regime
switching, or Markov-modulated, models to various financial problems. Some
papers on the use of regime-switching models in finance include Elliott and
van der Hoek (1997) for asset allocation, Pliska (1997) and Elliott et al. (2001)
for short rate models, Elliott and Hinz (2002) for portfolio analysis and chart
analysis, Guo (2001) and Chan et al. (2005) for option pricing under mar-
ket incompleteness, Buffington and Elliott (2002a,b) for pricing European and
American options, Elliott et al. (2003) for volatility estimation. There is a rel-
atively little work on investigating quantitative risk measurement for financial
instruments, especially derivative markets, in the context of regime-switching
models.

This paper considers a partial differential equation (PDE) approach for eval-
uating coherent risk measures for derivative instruments in a Markov-modu-
lated Black-Scholes environment. We consider the coherent risk measures for
derivative instruments adopted in Siu and Yang (2000) and Siu and Yang (2001).
We suppose that the dynamics of risky underlying asset are governed by a Mar-
kov-modulated geometric Brownian motion (GBM); that is, the appreciation
rate and the volatility in the log-normal dynamics of the underlying risky asset
depend on the states of the economy which are modelled by a continuous-time
hidden Markov chain. In practice, one may use some observable economic indi-
cators, such as GDP, the inflation rate or other observable economic factors, as
a proxy for the hidden state of the economy. One may then estimate the hidden
state of the economy using historical data from one, (or more), of these indica-
tors. In particular, one may first specify a set of threshold values and divide the
state space for the values of an economic indicator into different regimes. Then,
the state of the hidden Markov chain can be estimated by the regime in which
the value of the economic indicator falls. The transitions of the states can then
be traced by the jumps in the historical data series of this indicator. Another
way to deal with estimation the hidden state is to use filtering. However, the
filtering problem for our case poses additional challenge since both the drift and
the volatility of the log-normal dynamics switch over time according to the state
of the hidden Markov chain. Some works on using filtering methods in finance
include Elliott et al. (2003) for the log-normal dynamics with Markov-switching
volatility and Elliott and Royal (2007) for regime switching variance Gamma
dynamics. We also assume that the market interest rate of a bank account is
a constant. We employ the regime-switching Esscher transform introduced in
Chan et al. (2005) to select an equivalent martingale measure for pricing the
options in the incomplete market setting. The concept of the Esscher trans-
form, in particular the random Esscher transform, has been adopted in Siu et
al. (2001) for pricing derivatives in the context of risk measurement under the
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Bayesian framework. In addition to pricing, we also consider the hedging of
derivatives in an incomplete market setting by considering delta-neutral hedg-
ing and evaluating the risk of incomplete hedging. As in Siu and Yang (2000,
2001), we adopt real-world probability measures for risk measurement. The par-
tial differential equation (PDE) approach provides market practitioners with
a flexible and effective way to evaluate risk measures in a Markov-modulated
Black-Scholes model. It is especially useful for the case of American options,
in which the possibility of early exercise needs to be taken into consideration in
both the pricing and risk measurement parts. We derive the PDEs satisfied by
the risk measures for European-style options and American-style options. We
also demonstrate the use of the PDE approach for evaluating risk measures for
exotic options, like barrier options.

The paper is organized in the following way. Section 2 describes the asset
price dynamics of the Markov-modulated Black-Scholes environment and the
marking the option prices in the market using the regime-switching Esscher
transform in Chan et al. (2005). We use delta-neutral hedging for an option
in the incomplete market described by the Markov-modulated Black–Scholes
model. Section 3 defines a dynamic regime-switching version of the generalized
“scenarios” expectation (GSE) for an option position, which is a coherent risk
measure. We shall derive the regime-switching PDEs, satisfied by the GSE, and
the corresponding system of N-coupled PDEs. We shall also derive a system of
coupled PDEs for the GSE for the jump risk due to the hidden Markov chain.
Section 4 derives the PDEs satisfied by the risk measure of a barrier option. We
deal with the risk measure for an American-style option in Sect. 5. The final
section summarizes the paper and suggests some possible topics for further
investigation.

2 Standard European-style options

In this section, we shall describe the asset price dynamics and discuss the val-
uation of standard European-style options using the regime-switching Esscher
transform described in Chan et al. (2005) in the context of a Markov-modulated
Black–Scholes environment. We also discuss the delta-neutral hedging in this
context. First, we consider a financial model consisting of one risk-free asset,
namely a money market account, and one risky asset, namely stock or share,
with the time horizon [0, T] during which all economic activities take place.
The risk-free asset and the risky asset are tradable continuously over time. We
present the asset price dynamics of the model in the sequel.

Suppose (�, F , P) is a complete probability space, where P is a reference
physical probability measure. Let T denote the time index set [0, T] of the
model. We consider a continuous-time hidden Markov chain process {Xt}t∈T
on (�, F , P) with a finite state space X := (x1, x2, . . . , xN). Without loss of
generality, we can identify the state space of {Xt}t∈T with a finite set of unit
vectors {e1, e2, . . . , eN}, where ei = (0, . . . , 1, . . . , 0) ∈ RN .
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Write A = [aij]i,j=1,2,...,N for the rate matrix of the Markov chain. Then,
from Aggoun et al. (1994) (see Chap. 7 therein), we have the following semi-
martingale representation decomposition for {Xt}t∈T :

Xt = X0 +
t∫

0

AXsds + Mt, (2.1)

where {Mt}t∈T is an RN-valued martingale process with respect to the filtration
generated by {Xt}t∈T .

We shall assume that the market interest rate of the bank account is a con-
stant r. Then, the dynamics of the price process {Bt}t∈T for the bank account
are described by:

dBt = rBtdt, B0 = 1. (2.2)

We suppose that the stock appreciation rate {µt}t∈T and the volatility {σt}t∈T
of the stock price process also depend on {Xt}t∈T and are described by:

µt := µ(t, Xt) = 〈µ, Xt〉 , σt := σ(t, Xt) = 〈σ , Xt〉 , (2.3)

where µ := (µ1, µ2, . . . , µN) and σ := (σ1, σ2, . . . , σN) with σi > 0 for each
i = 1, 2, . . . , N.

We suppose the dynamics of the stock price process {St}t∈T are then given
by the following Markov-modulated geometric Brownian motion:

dSt = µtStdt + σtStdWt, S0 = s, (2.4)

where W := {Wt} is a standard Brownian motion on (�, F , P) with respect
to the filtration {FW

t }, which is the P-augmentation of the natural filtration
generated by W. We suppose that {Xt}t∈T and {Wt}t∈T are independent.

Let {FX
t }t∈T denote the P-augmentation of the natural filtration generated

by {Xt}t∈T . For each t ∈ T , we define Gt as the σ -algebra FX
t ∨FW

t . Now, we con-
sider a generic standard European option V written on the underlying stock and
with expiry time T. That is, V is a GT measurable integrable random variable.
We shall determine the price of the option V. Due to the additional uncertainty
described by regime switching, the Markov-modulated Black-Scholes market
is incomplete. Hence, there are infinitely many equivalent martingale measures
for pricing options. Chan et al. (2005) introduced the regime-switching Esscher
transform to determine an equivalent martingale pricing measure. We employ
the pricing methodology in Chan et al. (2005) to determine this equivalent
martingale pricing measure.

Let θt := θ(t, Xt) denote the regime switching Esscher parameter, which can
be written as follows:

θ(t, Xt) = 〈θ , Xt〉 , (2.5)
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where θ := (θ1, θ2, . . . , θN) ∈ RN . Then, the regime switching Esscher transform
Qθ ∼ P on Gt with respect to a family of parameters {θs}s∈[0,t] is given by:

dQθ

dP

∣∣∣∣
Gt

=
exp

( t∫
0

θsdWs

)

EP

[
exp

( t∫
0

θsdWs

)∣∣∣∣FX
t

] , t ∈ T . (2.6)

Let {θ̃t}t∈T denote a time-indexed family of risk-neutral regime switching Es-
scher parameters. Then, as in Chan et al. (2005), the martingale condition is
given by considering an enlarged filtration as follows:

S0 = EQ
θ̃
(e−rtSt|FX

t ), for any t ∈ T . (2.7)

If e−rtSt is to be a martingale under Qθ̃ , it is shown in Chan et al. (2005) that
θ̃t = r−µt

σt
and the Radon–Nikodym derivative of Qθ̃ is given by:

dQθ̃

dP

∣∣∣∣
Gt

= exp

[ t∫

0

(
r − µs

σs

)
dWs − 1

2

t∫

0

(
r − µs

σs

)2

ds
]

. (2.8)

Then, using Girsanov’s theorem, W̃t = Wt −
t∫

0
(

r−µs
σs

)ds is a standard Brownian

motion with respect to {Gt}t∈T under Qθ̃ . Hence, we can write the stock price
dynamics under Qθ̃ as:

dSt = rStdt + σtStdW̃t. (2.9)

Let G̃t denote the σ -field FW
t ∨ FX

T . Then, given G̃t, the price of the option V
with payoff V(ST) at the expiry time T is given by:

V(t, T|G̃t) = EQ
θ̃
(e−r(T−t)V(ST)|G̃t). (2.10)

We shall derive a partial differential equation (PDE) for the option V under
the Markov-modulated GBM. Following Buffington and Elliott (2002a,b), the
price of the option V given Gt is given by:

V(t, T|Gt) = EQ
θ̃
(V(t, T|G̃t)|Gt). (2.11)

Since (X, S) is a Markov process, given St = s and Xt = x,

V(t, T, S, X) = EQ
θ̃
(e−r(T−t)V(ST)|St = s, Xt = x). (2.12)
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Write Ṽ(t, T, S, X) for e−rtV(t, T, S, X). Then

Ṽ(t, T, S, X) = EQ
θ̃
(e−rTV(ST)|Gt). (2.13)

Write Ṽ(t, T, S) := (Ṽ(t, T, S, e1), Ṽ(t, T, S, e2), . . . , Ṽ(t, T, S, eN)). Then,

Ṽ(t, T, St, Xt) =
〈
Ṽ(t, T, St), Xt

〉
. (2.14)

As in Buffington and Elliott (2002a,b), using Itô’s differentiation rule and the
fact that Ṽ is a (G, Qθ̃ )-martingale, Ṽ(t, T, St, Xt) satisfies the following regime
switching P.D.E.

∂Ṽ
∂t

+ rS
∂Ṽ
∂S

+ 1
2
σ 2

t S2 ∂2Ṽ
∂S2 +

〈
Ṽ, AX

〉
= 0. (2.15)

Write V(t, T, S) := (V(t, T, S, e1), V(t, T, S, e2), . . . , V(t, T, S, eN)) so that
V(t, T, S, X) = 〈V, X〉 . Since Ṽ(t, T, S, X) := e−rtV(t, T, S, X) we deduce from
(2.15) that

− rV + ∂V
∂t

+ rS
∂V
∂S

+ 1
2
σ 2

t S2 ∂2V
∂S2 + 〈V, AX〉 = 0, (2.16)

with terminal condition:

V(T, T, S, X) = V(ST). (2.17)

Here, we obtain a simple regime-switching PDE (2.16) for derivative pricing.
The reason why the PDE is obtained is due to the assumption that the stan-
dard Brownian motion driving the stochastic differential equation for the price
dynamics of the underlying risky asset and the hidden Markov chain are inde-
pendent. Under this assumption, the martingale measure we use for pricing
corresponds to the logarithmic utility for wealth in the context of “neutral
derivative pricing” (see Kallsen (2000)). In this case, the risk premium is zero
and the risk due to the switching of the hidden Markov chain is not priced.
Stojanovic (2005) pointed out that this is the only obvious choice for the risk
premium. However, in reality, actual investing behavior is less aggressive than
that described by the logarithmic utility of wealth. Since the risk premium is
zero, the stock appreciation rate does not affect the pricing PDE (2.16). The
inputs for the pricing PDE (2.16) are the interest rate, the volatility and the
transition probability matrix of the hidden Markov chain. The transition prob-
ability matrix affects the pricing PDE (2.16) only through the volatility, and not
through the stock appreciation rate.
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Therefore, the components Vi = V(t, T, S, ei) satisfy the following system of
N-coupled partial differential equations:

− rVi + ∂Vi

∂t
+ rS

∂Vi

∂S
+ 1

2
σ 2

i S2 ∂2Vi

∂S2 + 〈V, Aei〉 = 0, (2.18)

with the terminal condition:

V(T, T, S, ei) = V(ST) , i = 1, 2, . . . , N. (2.19)

In the sequel, we shall consider the hedging of the option under the Markov-
modulated Black–Scholes framework. Here, we employ delta-neutral hedging
for the short position of the option. First, for each t ∈ T , let φ0(t) and φ1(t)
denote two Gt-predictable random variables, which represent the numbers of
units of the bank account and the underlying risky asset at time t in a portfolio.
Let �t denote the value of the hedged portfolio at time t. Then,

�t = φ0(t)Bt + φ1(t)St. (2.20)

We suppose that � is self-financing. That is,

d�t = φ0(t)dBt + φ1(t)dSt. (2.21)

If we combine the hedged portfolio with a short position in the option, the
overall hedged position has value:

�̃(t, S, X) = −V(t, T, S, X) + �t. (2.22)

Note that by Itô’s differentiation rule,

dV(t, T, S, X) =
(

∂V
∂t

+ µtS
∂V
∂S

+ 1
2
σ 2

t S2 ∂2V
∂S2

)
dt

+σtS
∂V
∂S

dWt + 〈V, dXt〉 . (2.23)

Let L(V, t) := ∂V
∂t + µtS ∂V

∂S + 1
2σ 2

t S2 ∂2V
∂S2 . Then,

d�̃(t, S, X)

= (−L(V, t) + φ0rB + φ1µtS − 〈V, AX〉)dt +
(

φ1σtS − σtS
∂V
∂S

)
dWt

−〈V, dMt〉 . (2.24)

Suppose the portfolio is delta neutral. That is, ∂�̃
∂S = 0. Then,

φ1σtS − σtS
∂V
∂S

= 0. (2.25)
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Hence,

φ1 = ∂V
∂S

, φ0 = B−1
(

�t − ∂V
∂S

S
)

. (2.26)

Under the delta-neutrality, the dynamics of �̃ are given by:

d�̃ = (−L(V, t) + φ0rB + φ1µtS − 〈V, AX〉)dt − 〈V, dMt〉 . (2.27)

Note that

L(V, t) + 〈V, AX〉 = rV. (2.28)

Then,

d�̃ = r�̃dt + φ1(µt − r)Sdt − 〈V, dMt〉 (2.29)

The delta hedging method cannot eliminate the risk completely. In particular,
the jump risk due to the hidden Markov chain cannot be hedged. The instanta-
neous jump risk is given by:

φ1(µt − r)Sdt − 〈V, dMt〉 . (2.30)

We shall discuss how to evaluate the jump risk due to the hidden Markov chain
by the GSE in the next section.

3 Coherent risk measure: generalized “scenarios” expectation (GSE)

In this section, we shall derive the PDEs governing the dynamics of a coherent
risk measure for an unhedged position of standard European options, such as
calls, puts or digital options, over a fixed time horizon [t, t + h] in the context of
a Markov-modulated Black–Scholes market. We shall consider a coherent risk
measure, namely the generalized scenarios expectation (GSE), for the option
V over the time horizon [t, t + h]. This can be considered a general form of
a (conditional) coherent risk measure first proposed by Artzner et al. (1999).
We suppose that the option will be held during the time interval [t, t + h].
From a buyer’s point of view, given the market information up to time u, Gu,
where u ∈ [t, t + h), we define the GSE for an unhedged position of derivatives
over [t, t + h]. In practice, perfect hedging is not possible due to the presence
of transaction costs and the fact that trading cannot be done continuously.
Sometimes, banks do not hedge due to the incentive to earn higher expected
returns. Hence, it is of practical interest to evaluate the risk of a partially
hedged, (or discretely hedged), position, or the risk inherent from an unhedged
position. First, we define the future net loss of the portfolio over [t, t + h] as
exp(rh)V(t, T, St, Xt) − V(t + h, T, St+h, Xt+h), denoted as �Vt,h. Let P denote
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a family of probability measures P̃ ∼ P . Then, the GSE for the option V with
respect to the family of probability measures P is defined as:

ρP
(
� Vt,h|Gu

) = sup
P̃∈P

EP̃

[
exp

(
− r(t + h − u)

)
� Vt,h

∣∣∣∣Gu

]
, (3.1)

where the supremum is taken over the family of probability measures P. We
shall specify P explicitly in the sequel.

In order to specify the GSE, we need to specify the family P of probability
measures equivalent to P . There are different ways to specify the family P. Here,
we shall specify the family P using a family of real-world probability measures
over different regimes using the regime-switching Esscher transforms. Under
the assumption of the Markov-modulated GBM for the price dynamics of the
risky asset, this is equivalent to the change of the original appreciation rate of
S to a family of regime-switching subjective appreciation rates of S, which take
values in the stochastic interval governed by the values of the Markov chain
process {Xt}t∈T . We describe this in some detail.

For each i = 1, 2, . . . , N, let 	i be an interval [λ−
i , λ+

i ] in R, where λ−
i ≤ µi ≤

λ+
i . Define a regime-switching stochastic interval 	(Xt) depending on Xt such

that when Xt = ei, 	(ei) = 	i, for each i = 1, 2, . . . , N. Recall that {λt}t∈T is the
subjective appreciation rate of the underlying stock, which switches over time
according to the state of the hidden Markov chain process {Xt}t∈T , that is,

λt := λ(t, Xt) = 〈λ, Xt〉 , (3.2)

where λ := (λ1, λ2, . . . , λN) with λi ∈ 	i, for each i = 1, 2, . . . , N.
Let θλ

i := λi−µi
σi

, for each i = 1, 2, . . . , N and θλ = (θλ
1 , θλ

2 , . . . , θλ
N). Define a

regime-switching Esscher parameter θλ
t := 〈

θλ, Xt
〉
associated with λt := 〈λ, Xt〉.

Then, the regime switching Esscher transform Pθλ ∼ P on Gt with respect to a
family of parameters {θλ

s }s∈[0,t] is given by:

dPθλ

dP

∣∣∣∣
Gt

=
exp

( t∫
0

θλ
s dWs

)

EP

[
exp

( t∫
0

θλ
s dWs

)∣∣∣∣FX
t

]

= exp

{
−

t∫

0

(
µu−λu

σu

)
dWu− 1

2

t∫

0

(
µu−λu

σu

)2

du
}

, t ∈ T . (3.3)

Then, by Girsanov’s theorem,

Wλ
t = Wt +

t∫

0

(
µu − λu

σu

)
du, t ∈ [0, T] (3.4)
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is a standard Brownian motion with respect to {Gt} under Pθλ . Hence, under
Pθλ , the dynamics of the underlying stock can be rewritten as:

dSt = λt St dt + σt St dWλ
t . (3.5)

Let 	(u, t+h) := ⋃
τ∈[u,t+h] 	(Xτ ) ⊂ ⋃N

i=1 	i, for each u ∈ [t, t+h). Now, we
let P	(u,t+h) denote a family of subjective probability measures {Pθλ}λ∈	(u,t+h)

associated with the index set 	(u, t + h). Then, given Gu, we define the GSE for
the option V over [t, t + h] with respect to P	(u,t+h) as follows:

ρP	(u,t+h)

(
� Vt,h|Gu

)

= sup
λ∈	(u,t+h)

EP
θλ

[
exp

(
− r(t + h − u)

)
� Vt,h

∣∣∣∣Gu

]
, u ∈ [t, t + h), (3.6)

where the supremum is taken over the set 	(u, t + h).
Note that ρP	(u,t+h)

is the GSE for the option position V, which was estab-
lished at time t and will be liquidated at time t + h, evaluated based on the
information Gu generated by the values of the price process of the risky asset
and the Markov chain process. Note that the GSE ρP	(u,t+h)

is coherent, (see
Artzner et al. 1999).

Since (St, Xt) is a Markov process with respect to Gt,

EP
θλ

[
exp

(
− r(t + h − u)

)
� Vt,h

∣∣∣∣Gu

]

= EP
θλ

[
exp

(
− r(t + h − u)

)
� Vt,h

∣∣∣∣Su, Xu

]
. (3.7)

Hence, the GSE ρP	(t,t+h)
can be written as a function H(Su, Xu, u) depending

on Su, Xu and u. Write H(Su, u) := (H(Su, e1, u), H(Su, e2, u), . . . , H(Su, eN , u)).
Then,

H(Su, Xu, u) = 〈H(Su, u), Xu〉 . (3.8)

The following proposition presents the regime switching PDE satisfied by the
GSE H(Su, Xu, u).

Proposition 3.1 Let λ+ := (λ+
1 , λ+

2 , . . . , λ+
N) and λ− := (λ−

1 , λ−
2 , . . . , λ−

N). Sup-

pose K = −S ∂H
∂S and λ(K, X) =

{ 〈
λ+, X

〉 = ∑N
i=1 λ+

i I{X=ei} if K < 0〈
λ−, X

〉 = ∑N
i=1 λ−

i I{X=ei} if K > 0.
Then, H(Su, Xu, u) satisfies the following regime switching PDE:

∂H
∂u

+ 1
2
σ 2

u S2 ∂2H
∂S2 + λ(K, X)S

∂H
∂S

− rH + 〈H, AX〉 = 0, (3.9)
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with the following terminal condition:

H(St+h, Xt+h, t + h) = exp(rh)V(t, T, St, Xt) − V(t + h, T, St+h, Xt+h).

Proof We shall prove the result by formulating the problem of evaluating the
GSE as a Markov-switching stochastic optimal control with the Markov control
variable λt = 〈λ, Xt〉 taking values in 	(Xt).

First, we notice that the controlled dynamics of Sλ
u with respect to λ can be

written as follows:

dSu = λuSudu + σuSudWλ
u , u ∈ [t, t + h]. (3.10)

Define Jλ(S, X, u), for each λ ∈ 	(u, t + h) and u ∈ [t, t + h], and H̃(S, X, u) as
follows:

Jλ(S, X, u) := EP
θλ

(�Vt,h|S, X, u), (3.11)

and

H̃(S, X, u) := sup
λ∈	(u,t+h)

Jλ(S, X, u). (3.12)

Write H̃(S, u) := (H̃(S, e1, u), H̃(S, e2, u), . . . , H̃(S, eN , u)). Then,

H̃(S, X, u) =
〈
H̃(S, u), Xu

〉
. (3.13)

Then, H̃ satisfies the following regime-switching HJB equation:

sup
λu∈	(Xu)

(
∂H̃
∂u

+ 1
2
σ 2

u S2 ∂2H̃
∂S2 + λuS

∂H̃
∂S

+
〈
H̃, AXu

〉)
= 0 (3.14)

with the following terminal condition:

H̃(St+h, Xt+h, t + h)=exp(rh)V(t, T, St, Xt)−V(t + h, T, St+h, Xt+h).

Let

η(λu) := ∂H̃
∂u

+ 1
2
σ 2

u S2 ∂2H̃
∂S2 + λuS

∂H̃
∂S

+
〈
H̃, AXu

〉
. (3.15)

Then,

dη(λu)

dλu
= S

∂H̃
∂S

. (3.16)
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We consider the following two cases:
Case I: S ∂H̃

∂S > 0 (i.e. K = −S ∂H̃
∂S < 0)

In this case,

dη(λu)

dλu
> 0. (3.17)

Hence, η(λu) is an increasing function of λu. This implies that η(λu) attains its
maximum when

λu = 〈
λ+, Xu

〉 =
N∑

i=1

λ+
i I{Xu=ei}. (3.18)

Case II: S ∂H̃
∂S < 0 (i.e. K = −S ∂H̃

∂S > 0)
In this case,

dη(λu)

dλu
< 0. (3.19)

Hence, η(λu) is a decreasing function of λu. This implies that η(λu) attains its
maximum when

λu = 〈
λ−, Xu

〉 =
N∑

i=1

λ−
i I{Xu=ei}. (3.20)

Then, H̃ satisfies the following regime-switching PDE equation:

∂H̃
∂u

+ 1
2
σ 2

u S2 ∂2H̃
∂S2 + λ(K, X)S

∂H̃
∂S

+
〈
H̃, AX

〉
= 0, (3.21)

with the following terminal condition:

H̃(St+h, Xt+h, t + h) = exp(rh)V(t, T, St, Xt) − V(t + h, T, St+h, Xt+h).

Now, we notice that H(Su, Xu, u) = e−r(t+h−u)H̃(Su, Xu, u).
Hence, the result follows. �	

The terminal condition H(St+h, Xt+h, t + h) can be obtained from the
solution V of the regime-switching Black–Scholes P.D.E. associated with the
appropriate terminal condition. With Hi := H(Su, ei, u) (i = 1, 2, . . . , N) and
H := (H1, H2, . . . , HN), we have H(Su, Xu, u) = 〈H, Xu〉. The following corol-
lary presents a system of N-coupled PDEs for H.
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Corollary 3.2 Let Ki := −S ∂Hi
∂S , for each i = 1, 2, . . . , N. Then, H satisfies the

following system of N-coupled PDEs:

∂Hi

∂u
+ 1

2
σ 2

i S2 ∂2Hi

∂S2 + λ(Ki, ei)S
∂Hi

∂S
− rHi + 〈H, Aei〉 = 0, (3.22)

with the following terminal condition:

H(St+h, ei, t + h) = erhV(t, T, St, Xt) − V(t + h, T, St+h, ei), i = 1, 2, . . . , N.

Proof The result follows from modifying the results in Proposition 3.1 and in
Buffington and Elliott (2002a,b). �	

In the sequel, we shall discuss the use of the GSE to evaluate the jump risk
due to the hidden Markov chain. Recall from Sect. 2 that the instantaneous
jump risk due to the hidden Markov chain under the measure P is given by:

φ1(µt − r)Sdt − 〈V, dMt〉 . (3.23)

Under P , the jump risk �Jt,h due to the hidden Markov chain under P is:

�Jt,h =
t+h∫

t

φ1(µu − r)Sudu −
t+h∫

t

〈V, dMu〉 . (3.24)

Note that the instantaneous jump risk due to the hidden Markov chain under
the measure Pθλ is:

φ1(λt − r)Sdt − 〈V, dMt〉 . (3.25)

Hence, under Pθλ ,

�Jt,h =
t+h∫

t

φ1(λu − r)Sudu −
t+h∫

t

〈V, dMu〉 . (3.26)

Then, given Gu, we define the GSE for �Jt,h with respect to P	(u,t+h) as follows:

ρP	(u,t+h)

(
� Jt,h|Gu

)

= sup
λ∈	(u,t+h)

EP
θλ

[
exp

(
− r(t + h − u)

)
� Jt,h

∣∣∣∣Gu

]
, u ∈ [t, t + h), (3.27)
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Since EP
θλ

[∫ t+h
t 〈V, dMu〉 |Gu] = 0,

ρP	(u,t+h)

(
� Jt,h|Gu

)

= sup
λ∈	(u,t+h)

EP
θλ

[
exp

(
− r(t + h − u)

) t+h∫

t

φ1(λu − r)Sudu

∣∣∣∣Gu

]
.(3.28)

Now, for each u ∈ [t, t + h] let Iu := ∫ u
t φ(v)λvSvdv and Ou := ∫ u

t φ(v)Svdv.
Write HJ(S, X, I, O, u) for the GSE ρP	(u,t+h)

(
� Jt,h|Gu

)
. Note that

dI
du

= φ(u)λuSu,
dO
du

= φ(u)Su. (3.29)

With HJ
i := HJ(S, ei, I, O, u) and HJ := (HJ

1, HJ
2, . . . , HJ

N), we have
HJ(S, X, I, O, u) = 〈

HJ , Xu
〉
. Then, HJ satisfies the following system of N-cou-

pled PDEs:

∂HJ
i

∂t
+ φ(u)λ̃(K̃i, ei)Su

∂HJ
i

∂I
+ φ(u)Su

∂HJ
i

∂O
+ 1

2
σ 2

i S2
u
∂2HJ

i

∂S2 + λ(Ki, ei)Su
∂HJ

i

∂S

− rHJ
i +

〈
HJ , Aei

〉
= 0, i = 1, 2, . . . , N, (3.30)

where λ(Ki, ei) is defined as before, K̃i and λ̃(K̃i, ei) are defined as follows:

K̃i := −φ(u)S ∂HJ
i

∂I and λ̃(K̃i, ei) =
{

λ+
i if K̃i < 0

λ−
i if K̃i > 0.

The terminal condition is then given by:

HJ(S, ei, I, O, t + h) = sup
λ∈	(t,t+h)

(It+h − rOt+h)

= Ît+h − rOt+h, i = 1, 2, . . . , N, (3.31)

where Ît+h := ∫ t+h
t φ1(u)(λ̂(φ1(u), Xu) − r)Sudu with λ̂(φ1(u), Xu) given by:

λ̂(φ(u), Xu) =
{ 〈

λ+, Xu
〉 = ∑N

i=1 λ+
i I{Xu=ei} if φ(u) > 0〈

λ−, Xu
〉 = ∑N

i=1 λ−
i I{Xu=ei} if φ(u) < 0.

4 European-style barrier options

In this section, we shall adopt the PDE approach to calculate the generalized
scenarios expectation (GSE) for European-style barrier options. In particular,
we consider a single down-and-out European call option with expiry time T.
Let L and K be the barrier level and strike price, respectively, of the down-and-
out option. We only consider the case where K > L and assume that S0 > L.
Let bd0(S, X, t) denote the price of the down-and-out option at time t given
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St = S and Xt = X under the assumption that the call has not been knocked out
prior to time t. Then, by employing the risk-neutral regime-switching Esscher
transform Qθ̃ described in Sect. 3, bd0(S, X, t) is given by:

bd0(S, X, t)

= EQ
θ̃
[e−r(T−t) max{ST − K, 0}I{mint≤t′≤T St′≥L}|St = S, Xt = X]. (4.1)

Let bd0i := bd0(S, ei, t) and bd0 := (bd01, bd02, . . . , bd0N). Then, bd0(S, X, t) =
〈bd0, Xt〉 and bd0 satisfies the following system of N-coupled P.D.E.s:

− rbd0i + ∂bd0i

∂t
+ rS

∂bd0i

∂S
+ 1

2
σ 2

i S2 ∂2bd0i

∂S2 + 〈bd0, Aei〉 = 0, (4.2)

where the boundary and terminal conditions for the down-and-out option are
given as follows:

bd0(L, ei, t) = 0, bd0(S, ei, t) ∼ S as e−r(T−t)S → ∞

and

bd0(ST , ei, T) = max{ST − K, 0}I{min0≤t≤T St≥L}, i = 1, 2, . . . , N.

For the fixed time t ≥ 0, we assume that the down-and-out call option has not
yet extinguished at time t. As in section two, we focus on an unhedged position
of the down-and-out call option from the buyer’s viewpoint. Since we decide
to measure the risk of the naked position during the time interval [t, t + h],
we assume that the naked position will not be liquidated in secondary markets
during the time horizon [t, t + h]. Given the market information Gu up to time
u ∈ [t, t+h), we define a risk measure for the naked position over [t, t+h]. First,
we need to distinguish two cases, say min0≤v≤u Sv ≤ L and min0≤v≤u Sv > L for
each fixed u ∈ [t, t + h). If min0≤v≤u Sv ≤ L, the down-and-out option becomes
worthless at time u and so the GSE equals er(u−t)bd0(St, Xt, t) at time u. If
min0≤v≤u Sv > L, the GSE at time u is defined as follows:

ρP	(u,t+h)

(
� bd0(t, h) | Gu

)=sup
{−EPλ

(
e−r(t+h−u)� bd0(t, h)|Gu

)∣∣λ ∈ 	(u, t+h)
}
,

(4.3)
where � bd0(t, h) = bd0(St+h, Xt+h, t + h)I

{
min

u≤u′≤t+h
Su′ > L

}− erhbd0(St, Xt, t)

and I(A) is an indicator function of the event A.
Since (St, Xt) is a two-dimensional Markov process with respect to Gt, the

GSE for the down-and-out option can be written as prior to knock out a func-
tion Hb(Su, Xu, u) depending on Su, Xu and u. Then, as in Sect. 3, it can be
shown that Hb(S, X, u) satisfies the regime-switching PDE in Proposition 3.1
when S > L associated with the following boundary and terminal conditions:

Hb(L, Xu, u) = er(u−t)bd0(St, Xt, t)
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and

Hb(St+h, Xt+h, t + h) = erhbd0(St, Xt, t) − bd0(St+h, Xt+h, t + h)

I
{

min
t≤u≤t+h

Su > L
}

,

Now, write Hb
i := Hb(Su, ei, u) (i = 1, 2, . . . , N) and Hb := (Hb

1 , Hb
2 , . . . , Hb

N).
Then, Hb(Su, Xu, u) = 〈

Hb, Xu
〉
. Then, Hb satisfies the following system of

N-coupled PDEs in Corollary 3.2 when S > L associated with the following
boundary and terminal conditions:

Hb(L, ei, u) = er(u−t)bd0(St, Xt, t)

and

Hb(St+h, ei, t + h) = erhbd0(St, Xt, t) − bd0(St+h, ei, t + h)I
{

min
t≤u≤t+h

Su > L
}

,

where i = 1, 2, . . . , N.

5 American-style options

In this section, as in Siu and Yang (2000), we shall first define the GSE for a sin-
gle American-style contract with an arbitrary payoff function and expiry time
T to incorporate the feature of early exercise. Then, we shall derive a regime-
switching partial differential system governing the dynamics of the GSE of
the American-style contract. The regime-switching partial differential system
can be regarded as a regime-switching free-boundary problem, which has been
discussed in Buffington and Elliott (2002a,b).

Let Va be the value of an American-style derivative at time t with expiry time
T. We can write Va as a function Va(St, Xt, t) depending on St, Xt and t. Let
Va

i := Va(S, ei, t) and Va := (Va
1 , Va

2 , . . . , Va
N). Then, Va(S, X, t) = 〈Va, X〉. Fol-

lowing the analysis in Buffington and Elliott (2002a,b), Va satisfies the following
system of N-coupled partial differential systems:

∂Va
i

∂t
+ 1

2
σ 2

i S2 ∂2Va
i

∂S2 + r S
∂Va

i

∂S
− r Va

i + 〈
Va, Aei

〉 ≤ 0,

Va(St, ei, t) ≥ f (St, t),

where f : R+ ×[0, T] → R is a continuous reward function satisfying the linear
growth condition |f (s, t)| ≤ c1 + c2 s for some real constants c1, c2;

(
∂Va

i

∂t
+ 1

2
σ 2

i S2 ∂2Va
i

∂S2 + r S
∂Va

i

∂S
− r Va

i + 〈
Va, Aei

〉 )
(Va

i − f ) = 0,



72 R. J. Elliott et al.

and

Va(ST , ei, T) = f (ST , T), i = 1, 2, . . . , N.

We suppose that the American option will not be liquidated during the time
horizon [t, t + h] and that it is an unhedged position. However, as in Siu and
Yang (2000), we allow the possibility of early exercise at any intermediate time
u ∈ [t, t + h]. Let τ ∗ be the optimal stopping time for the above optimal stop-
ping problem for the American option. We first assume that τ ∗ > t (that is,
the American option has not yet been exercised at time t) for a fixed time
t ≥ 0. Given the market information Gu up to time u ∈ [t, t + h), we define
the GSE for the naked position of the American option over [u, t + h] with
the possibility that the American option may be exercised optimally during
the time horizon [u, t + h]. Here, we need to distinguish two cases (namely
t < τ ∗ ≤ u and τ ∗ > u) for each u ∈ [t, t + h). If t < τ ∗ ≤ u, the American
option is exercised at some time u′ ∈ (t, u], and hence it is trivial that the GSE
equals er(u−u′)f (Su′ , u′) − er(u−t)Va(St, Xt, t). Following the notations in Sect. 3,
if τ ∗ > u, the GSE is defined in the following expectation form:

Ha(Su, Xu, u) = sup{−EPλ
[e−r(Jt+h

u (τ∗)−u)Va(SJt+h
u (τ∗), XJt+h

u (τ∗), Jt+h
u (τ ∗))|Gu]

|λ ∈ 	(u, t + h)} + er(u−t)Va(St, Xt, t), (5.1)

where the function Jt+h
u of the optimal stopping time τ ∗ is defined as follows:

Jt+h
u (τ ∗) =

{
τ ∗ if τ ∗ ∈ [u, t + h)

t + h if τ ∗ ∈ [t + h, T]

and the function Va is the price process of the American derivative.
By introducing the function Jt+h

u of the optimal stopping time τ ∗, we can
incorporate the feature of early exercise during the time horizon [u, t+h] into the
calculation of the GSE at time u. Now, write Ha

i := Ha(Su, ei, u) (i = 1, 2, . . . , N)
and Ha := (Ha

1 , Ha
2 , . . . , Ha

N). Then, Ha(Su, Xu, u) = 〈Ha, Xu〉. Then, Ha satisfies
the following system of N-coupled partial differential equations:

∂Ha
i

∂u
+ 1

2
σ 2

i S2 ∂2Ha
i

∂S2 + λ(Ka
i , ei)S

∂Ha
i

∂S
− r Ha

i + 〈
Ha, Aei

〉 ≥ 0,

Ha(Su, ei, u) ≤ −f (Su, u) + er(u−t)Va(St, Xt, t),

Ha(St+h, ei, t + h) = erhVa(St, Xt, t) − Va(St+h, ei, t + h),(
∂Ha

i

∂u
+ 1

2
σ 2

i S2 ∂2Ha
i

∂S2 + λ(Ka
i , ei)S

∂Ha
i

∂S
− r Ha + 〈

Ha, Aei
〉 )

(Ha
i − f̃ ) = 0,
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where

Ka
i = −S

∂Ha
i

∂S
,

λ(Ka
i , ei) =

{
λ+

i if Ka
i < 0

λ−
i if Ka

i > 0

and

f̃ (Su, u) = −f (Su, u) + er(u−t)Va(St, Xt, t),

where i = 1, 2, . . . , N.

6 Conclusion and further research

We have considered a PDE approach for evaluating coherent risk measures for
derivative instruments in a Markov-modulated Black–Scholes environment.
The PDE approach can provide market practitioners with a flexible and effec-
tive way to evaluate risk measures in the Markov-modulated Black–Scholes
model. It is especially useful for the case of American options, in which the
possibility of early exercise needs to be taken into consideration in both the
pricing and risk measurement parts. We have considered the use of the regime-
switching Esscher transform and the delta-neutral hedging for pricing and hedg-
ing options in the Markov-modulated Black-Scholes market. We have derived
the PDEs satisfied by the GSE for European-style options and American-style
options. We have demonstrated the use of the PDE approach for evaluating the
GSE for a down-and-out barrier option.

For further research, numerical and computational problems represent inter-
esting topics. Following the numerical methods in Yao et al. (2006), one can de-
velop some accurate and efficient numerical schemes for the regime-
switching PDE framework.

Acknowledgement We would like to thank the associate editor and the referees for many helpful
and insightful comments and suggestions.

References

Aggoun, L., Elliott, R.J., Moore J.B.: Hidden Markov Models: Estimation and Control. Springer,
Berlin Heidelberg New York (1994)

Artzner, P., Delbaen, F., Eber, J., Heath, D.: Coherent measures of risk. Math Financ 9(3), 203–228
(1999)

Buffington, J., Elliott, R.J.: Regime switching and European options. In: Lawrence, K.S. (ed.)
Stochastic Theory and Control, Proceedings of a Workshop, pp.73–81. Springer, Berlin
Heidelberg New York (2002a)

Buffington, J., Elliott, R.J.: American options with regime switching. Int J Theor App Financ 5,
497–514 (2002b)



74 R. J. Elliott et al.

Chan, L.L., Elliott, R.J., Siu, T. K.: Option pricing and Esscher transform under regime switching.
Ann Financ 1(4), 423–432 (2005)

Duffie, D., Pan, J.: An overview of value at risk. J Derivatives Spring, 7–49 (1997)
Elliott, R.J., van der Hoek J.: An application of hidden Markov models to asset allocation problems.

Financ Stochastics 3, 229–238 (1997)
Elliott, R.J., Hunter, W.C., Jamieson, B.M.: Financial signal processing. Int J Theor Appl Financ 4,

567–584 (2001)
Elliott, R.J., Hinz, J.: Portfolio analysis, hidden Markov models and chart analysis by PF-Diagrams.

Int J Theor App Financ 5, 385–399 (2002)
Elliott, R.J., Malcolm, W.P., Tsoi, A.H.: Robust parameter estimation for asset price models with

Markov modulated volatilities. J Econ Dyn Control 27(8), 1391–1409 (2003)
Elliott, R.J., Kopp, P.E.: Mathematics of Financial Markets. Springer, Berlin Heidelberg New York

(2004)
Elliott, R.J., Royal, A.J.: Asset prices with regime switching variance Gamma dynamics.

In: Bensoussan, A., Zhang, Q. (eds.) Hand Book on Mathematical Finance. Elsevier, Amsterdam
(2007) (To appear)

Embrechts, P.: Value at risk, Lecture Notes, Centre of Financial Time Series. The University of
Hong Kong (2000)

Föllmer, H., Schweizer, M.: Hedging of contingent claims under incomplete information. In:
Davis, M.H.A., Elliott, R.J. (eds.) Applied Stochastic Analysis. pp. 389–414. Gordon and Breach,
London (1991)

Guo, X.: Information and option pricings. Quant Finance 1, 38–44 (2001)
Jahel, E., Perraudin, W., Sellin, P.: Value at risk for derivatives. J Derivatives, Spring 7–26 (1999)
Kallsen, J.: Utility-based derivative pricing in incomplete markets. In: German, H., Madan, D.,

Pliska, S.R., Vorst, T. (eds.) Mathematical Finance – Bachelier congress. Springer, Berlin
Heidelberg New York (2000)

Morgan, J.P.: Riskmetrics – technical document. J.P Morgan, New York (1996)
Pliska, S.R.: Introduction to mathematical finance. Blackwell Oxford, (1997)
Schweizer, M.: Mean-variance hedging for general claims, Ann App Probab 2, 171–179 (1992)
Siu, T.K., Yang, H.: A p.d.e. approach for measuring risk of derivatives. App Math Financ 7(3),

211–228 (2000)
Siu, T.K., Yang, H.: Risk measures for derivatives under Black-Scholes economy. Int J Theor App

Financ 4(5), 819–835 (2001)
Siu, T.K., Tong, H., Yang, H.: Bayesian risk measures for derivatives via random Esscher transform.

North Am Actuar J 5(3), 78–91 (2001)
Stojanovic, S.D.: Higher dimensional fair option pricing and hedging under HARA and CARA

utilities, (Preprint August 2005; Available at SSRN: http://ssrn.com/abstract=912763)
Wilmott, P.: Derivatives: The Theory and Practice of Financial Engineering. Wiley, London (1998)
Yao, D.D., Zhang, Q. and Zhou, X.Y.: A regime-switching model for European options. In: H. Yan,

G. Yin and Q. Zhang (eds.) Stochastic processes, optimization, and control theory applications
in financial engineearing, queueing networks, and manufacturing systems. pp. 281–300. Springer,
Berlin Heidelberg New York (2006)


	A PDE approach for risk measures for derivativeswith regime switching
	Abstract
	Introduction
	Standard European-style options
	Coherent risk measure: generalized ``scenarios'' expectation (GSE)
	European-style barrier options
	American-style options
	Conclusion and further research
	References


<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (None)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (ISO Coated)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.3
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Perceptual
  /DetectBlends true
  /ColorConversionStrategy /sRGB
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /SyntheticBoldness 1.00
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 524288
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveEPSInfo true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 150
  /ColorImageDepth -1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 150
  /GrayImageDepth -1
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputCondition ()
  /PDFXRegistryName (http://www.color.org?)
  /PDFXTrapped /False

  /Description <<
    /ENU <>
    /DEU <>
  >>
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [2834.646 2834.646]
>> setpagedevice


